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Abstract 
Social media has become pervasive in our work and personal lives and it allows 
for easy, constant communication. The 24/7 nature of social media may have 
unintended consequences if technology addition is not managed appropriately 
by individuals. This study empirically evaluated the impact of information 
overload, deficient self-regulation, work interference with family, and 
technology addiction on the productivity of digital technology usage. A 
structured equation modeling (SEM) approach was used to seek and understand 
how certain aggravators of technology addiction impacted productivity. These 
included work interference with family, self-regulation, information overload, 
and technology addiction. This research contributes to social media research 
literature by investigating a potential dark side of workplace social media usage 
and the factors that explain different perceptions. 
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INTRODUCTION 
The effects of social media, a phenomenon that has brought both negative and positive impacts to various 
organizations and employees, still presents opportunities for discovery.  Evidence suggests there may be 
concerning levels of habitual pathological behaviors among social media uses (Fenichel, 2004; Karaiskos 
et al, 2010; Pempek et al., 2009), and that social media can be addiction-prone (Echeburúa & de Corral, 
2009).  According to research by Wushe and Shenje (2019) time spent on social media applications such as 
WhatsApp, Twitter, Skype and Facebook have a negative relationship with employee productivity. 
Brooks et al. (2017) found that when employees view Facebook or YouTube as a workplace distraction, 
social media-induced technostress may arise from an attentional conflict, which can also increase their 
susceptibility to Internet addiction.  Although social media tools may promote and support knowledge 
and information exchange, and improve day-to-day work activities, in a study of public sector managers, 
a fourth reported that social media benefits in the workplace were highly overrated (Fusi & Feeney, 2018). 
Although digital technologies make it easier to share information, information overload can occur, and 
social media can blur work and family time (Tarafdar et al., 2007, 302). Understanding how working 
professionals make use of social media may provide important insights for organizations. This study 
empirically validated the mediated effect of technology addiction related to social media, by addressing 
the question: what factors influence an individual to experience technology addiction from engaging in 
social media usage, and what are the impacts on productivity? 
 
LITERATURE REVIEW  
Socio-Technical Theory 
Social technical theory (STT) explains the interaction between the technical and social sub-systems, which 
make up organizations. The STT framework argues that technology has a sociological element that must 
be considered if technological capabilities are to be fully realized. This has been described as the technical 
and social subsystems, including the array of workplace technologies combined with the employee social 
matrix within organizations (Akbari & Land, 2014). Combined, these two subsystems and their 
interactions underpin the operations of organizations. Accordingly, when either of these subsystems does 
not function efficiently, organizational productivity suffers (Hanssen, 2011, 1456).  
The socio-technical theory provides a useful framework for understanding how technology is adopted 
and used in organizations (Bostrom & Heinen, 1977a, b). This research takes a socio-technical approach to 
investigate social media users’ behaviors and emotions, and the technological and social factors that 
influence social media usage. 
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Social Media 
The use of social media is increasing at pace (Treem & Leonardi, 2012, 143). The term “social media” 
refers to technologies that have, “engendered radically new ways of interacting...there are literally 
hundreds of different social media platforms...social networking, text messaging, shared photos, 
podcasts, streaming videos, wikis, blogs, discussion groups...” (Hanna et al., 2011, 266). Consequently, 
social media is not a single technology, platform, or application; rather, it is a communicative 
phenomenon that resides across a spectrum of technology applications and platforms.  
From a functional and communicative perspective, social media has become ever-present Data indicates 
that 74% of adults use some form of online social media site or service, which amounts to an estimated 
207 million Americans (Pew Research, 2014). While personal interaction remains the primary method of 
interaction, social media as a communication channel has altered the dynamic of how and, perhaps more 
importantly, why people communicate. 
Social media has replaced or, in some cases, created entirely new forms of communicative interaction. For 
instance, Ellison et al. (2011, 16-17) identified three unique modalities of interaction that occur within 
social media: 

• initiation (contact with new acquaintances) 
• maintenance (maintain friendships, contacts, and conducting virtual interactions)  
• information seeking (augment a relationship that exists offline)   

These three modalities of human interaction within the context of social media have refined how social 
communication occurs in professional and personal settings.  

 
Technology Addiction 
Addiction to technology can be considered an alarming problem for society today. Technology addiction 
is generally defined as: “a perceived excessive engagement with a user’s smartphone, the internet or 
social networking sites that comes at the expense of their mental well-being” (McNamee, 2014, 17).It is 
estimated that 84% of people in the US use their smartphones daily, while 50% sleep with phones 
adjacent to them and 20% check for updates every 10 minutes (Gibbs, 2012, 22-27). These figures reveal 
that most people have become dependent on technology to navigate their personal and professional lives.   
Technology addiction can lead to adverse outcomes (Turel and Serenko,2012) (Figure 1).   
 
Figure 1. Adverse Outcomes of Technology Addiction 

Individual level - Instant messaging addition leads to the loss of relations due to IM overuse, reduced 
control over IM use and academic decrement (Huang & Leung, 2009). 

- Mobile email addiction increases technology-family conflict, which in turn augments 
work-family conflict resulting in negative consequences for the user and their family 
(Turel et al., 2011).   

Organization level - Mobile email addiction increases work overload, which reduces levels of 
organizational commitment (Turel & Serenko, 2010). 

Societal level - Addiction to workplace ICT may decrease productivity, lower organizational 
commitment, and increase turnover (Turel et al., 2011a). 

 

The ongoing spread of technological dependence raises the question of how this addiction occurs and 
how it can be characterized.  
 
MODEL AND HYPOTHESIS 
This study examines information overload, deficient self-regulation, work interference with family 
mediated by technology addiction, and subsequently the impact on productivity. The issue of email 
overload has sparked discussion of technology-related information overload, which has now advanced to 
determining whether pull versus push technologies have a positive or negative impact on an individual’s 
information processing capabilities, and symptoms of stress and anxiety (Eppler & Mengis, 2004). 
Research has also begun to examine the various user, task, environment (context), and IT characteristics 
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leading to information overload and multitasking situations, and the cognitive and performance 
outcomes associated with such situations (Gupta et al., 2013; Gupta & Sharda, 2008; Gupta et al., 2006; Li 
et al., 2011).     
Because digital technology, such as social media, potentially permeates all aspects of organizational life, 
working professionals are navigating a complex terrain that blurs work and family life. The 
pervasiveness of digital technologies poses potential negative outcomes. Whilst, technologies can 
augment productivity by enabling employees to be connected and responsive to work issues, they may 
promote addiction, work overload, and conflict, stemming from the potential excessive technology 
dependency. 
The research model is presented in Figure 2. The following section explores these impact areas and the 
associated research hypotheses. 
 
Figure 2. Research Model 

 
 
 

Direct Effects 
Productivity 
For many years, productivity has been used as the justification for the selection and deployment of 
workplace technologies. There is little doubt that technology increases individual worker productivity 
However, increased use of technology does not always increase work productivity. For example, an 
estimated 28% of our workday is consumed by interruptions propagated by technology costing the US 
economy approximately $558 billion per year (Spira & Goldes, 2007). Likewise, in 2009, the term 
“ambivalent networkers” was coined to describe a growing population of Information and 
Communication Technology (ICT) users who felt over-connected (Lenhart, 2009). While 39% of 
Americans were adopters, 61% did not feel ICT should play a bigger role in their daily lives (Vasquez, 
2009). 
 
Hypothesis 1 (H1): Technology Addiction is positively correlated with productivity [PROD].  
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Indirect Effects 
Work Interference with Family 
Family and work are the most important domains of life for most adults (Andrews & Withey, 1976; 
Campbell et al., 1976; Gutek et al., 1981). In recent years, it has become increasingly difficult for many to 
juggle the myriad of activities involved in each of these domains (Gutek et al., 1991). Work-family conflict 
can occur as a result of blurred lines between home and work in light of pervasive, digital technology. In 
fact, work interference with family is a framework for understanding work-family conflict.  

 
Hypothesis 2 (H2): Work Interference with Family [WIF] is negatively correlated with Productivity [PROD].  
Hypothesis 3 (H3): Work Interference with Family [WIF] is positively correlated with Technology Addiction 
[PROD]. 
 
Deficient Self-Regulation  
For this study, deficient self-regulation is viewed as a state in which conscious self-control is relatively 
diminished (LaRose et al., 2003). Deficient Self-Regulation has its roots within the framework of 
Bandura’s (1991) theory of self-regulation. While social media use may not result in strong negative life 
consequences compared with the use of other habitual technologies, such as online gaming (e.g., Xu et al., 
2012), it may produce “the strongest deficient self-observation and the second strongest deficient self-
reaction among other habitual technologies (gaming, shopping, etc.)” (LaRose et al., 2001, 396). The 
Internet addiction measure in LaRose et al. (2001) has marginal reliability and it was confounded by habit 
strength. Therefore, the relationship between deficient self-regulation and productivity and technology 
addition is an untested proposition.  
 
Hypothesis 4 (H4): Self-Regulation is positively related to Productivity. 
Hypothesis 5 (H5): Self-Regulation is positively related to Technology Addiction. 
 
Information Overload   
The concept of information overload has been used in different contexts but it is generally associated with 
adverse effects. Eppler and Mengis (2004) suggested that the main focus of information overload in 
management literature is how individual performance, in terms of decision making varies with the 
amount of information they are exposed to (Eppler & Mengis, 2004, 326). According to Ayyagari (2012, 
19), if information provided by technology in the workplace exceeds an individual’s perceived abilities to 
handle this information, an imbalance in the equilibrium occurs.   

 
Hypothesis 6 (H6): Information Overload is negatively related to Productivity. 
Hypothesis 7 (H7): Information Overload is positively related to Technology Addiction. 
 
Mediation Effects 
This study examines how social media/digital technology uses interactions between behaviors in home 
and work contexts to affect phenomenon, and how this is related to potential stressors, such as work 
interference with family, self-regulation, and information overload. The impact of technology addiction is 
explored to better understand how potential stressors impact performance measures such as 
productivity. 
 
Technology Addiction 
Several studies have suggested that unhealthy technology overuse may have negative consequences 
(Caplan, 2002; Davis et al., 2002; Huang et al., 2007; Shapira et al., 2003; Yellowlees & Marks, 2007). 
According to Turel et al. (2011), technology usage problems merit research at individual, organizational, 
and societal levels. Technology addiction can be defined as a psychological state of maladaptive 
dependency on technology such that typical behavioral addiction systems arise, such as conflict with 
other tasks, impairing normal functioning (Turel et al., 2011); a behavioral, non-substance addition 
(Holden, 2001); an excessive behavioral addiction involving non-human interactions (Turel et al., 2011). 
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Hypothesis 8a (H8a): Technology Addiction [ADT] partially mediates the negative effect of Work Interference with 
Family [WIF] and Productivity [PROD] 
Hypothesis 8b (H8b): Technology Addiction [ADT] partially mediates the positive effect of Self-Regulation and 
Productivity [PROD]    
Hypothesis 8c (H8c): Technology Addiction [ADT] partially mediates the negative effect of Information Overload 
[IO] and Productivity [PROD] 
 
METHODOLOGY 
Data was collected using an online survey targeting full-time working professionals who used social 
media/digital technology. The survey was based on anonymous self-reports of demographics, 
perceptions, attitudes, beliefs, feelings, and productivity from respondents, which represents an efficient 
method of data collection (Teddlie & Tashakkori, 2009). The study involved careful sampling of construct 
survey items from literature, assessment of the formative and/or reflective nature of the construct 
operationalization, survey pre-testing, and hypothesis testing using SEM-based statistical analyses. 
 
Construct Operationalization 
All constructs were measured on a 5-point Likert scale, ranging from 1=strongly agree and 5=strongly 
disagree. The specification for all scales was reflective (Jarvis et al., 2003). Constructs and scale items were 
adapted from the literature based upon their relevance and reliability (Appendix A1). 
 
Controls 
Three control variables were included to examine their effect on productivity (managerial status, 
workstation access, and tablet/smartphone access). These control variables may be related to higher or 
lower levels of productivity.    
 
Instrument Pretesting for Validity 
After the development of the initial survey, think aloud/talk aloud exercises (Bolton, 1993) were 
conducted to identify cognitive difficulties in forming survey responses. This was repeated until content 
and face validity was achieved. The survey was pretested with additional respondents, to ensure 
comprehension and clarity. Pretesting also included a Q-sort with 10 respondents. Adequate agreement 
was achieved for each construct and item, at least 80% agreement during the 1st round, and so no further 
changes were made. A trial of the online survey was completed with six additional participants, followed 
by a further talk aloud exercise. This resulted in additional improvements and reorganizing of questions 
by constructs (not randomized), starting with a mix of exogenous and endogenous factors. Finally, a pilot 
test (with 50 respondents) was conducted with a review of outliers, item distributions, and preliminary 
EFA. No items were revised on the basis of pre-test results, but flow and layout were revised. The 
loadings for each construct are displayed in Appendix A2.      
 
Data Collection 
Data was collected via an online survey using Qualtrics. Invitations were issued to a nationally 
representative random sample based on screening questions. The sample frame was not constrained to 
any particular occupation.  
 
Characteristics of Respondents 
The sample consisted of 300 respondents who met the inclusion criteria (i.e., full-time working 
professionals, over the age of 18, who were familiar with social media, texting, and mobile email for 
business and personal use) (Table 1). 
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Table 1. Sample Demographic Characteristics 
 Numbe

r 
Percentage  Numbe

r 
Percentage 

Gender   Sector   
Males 145 48% Private-for-

profit 
203 68% 

Females 155 52% Private- not-
for Profit 

29 10% 

   Government 43 14% 
   Self-employed 25 8% 
      
Manageme
nt  
  Category 

  Age   

Manager 137 46% 18 to 25 20 7% 
Non-
Manager 

163 54% 26 to 34 64 21% 

   35 to 54 152 51% 
   55 to 64 64 21% 
   65 or older 0 0% 

 
 
Data Screening 
The data was screened for univariate outliers. All data was within expected ranges, with plausible means 
and standard deviations. Skewness and kurtosis were well within a tolerable range for assuming a 
normal distribution.  
 
Analysis methods 
Exploratory Factor Analysis 
A two-step approach (Anderson & Gerbing, 1988) was taken for analyzing this cross-sectional data. In 
SPSS, an exploratory factor analysis (EFA) with Maximum Likelihood Estimation and Promax rotation 
with Kaiser Normalization was performed. Several statistics indicated the EFA solution was acceptable: 
the Kaiser- Meyer-Olkin (KMO) statistic was 0.906; Bartlett’s Test of Sphericity was significant (χ2 
=5912.8, df=325, p< 0.001); and all Measures of Sampling Adequacy (MSA’s) across the diagonal of the 
anti-image matrix were above 0.7. An examination of the inter-item correlation matrix indicated 
approximately 80% of the correlations were over 0.3. An additional check for the appropriateness of the 
number of factors extracted was confirmed by examining the reproduced correlation (and residuals). 
Further confirmation of the 5-factor model was supported by the reproduced correlations matrix, with 5% 
non-redundant residuals greater than 0.05. Reliability – the consistency between multiple variable 
measurements – was also established with Cronbach’s alpha - values greater than the lower limit of 
acceptability (0.7) indicated reliability.  
Sufficient convergent validity was achieved as factor loadings were above the minimum threshold of 0.35 
for a sample size of 300 as supported by Hair et al. (2010). The 5-factor model did not have strong cross-
loadings, thus demonstrating sufficient discriminate validity. Finally, 68% of the total variance was 
explained by the five factors, all of which had eigenvalues above 1. 
 
Confirmatory Factor Analysis 
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The final test for validity reported average variance extracted (AVE) above 0.5 for all factors. These 
factors demonstrated convergent validity with diagonal values greater than the correlations. Composite 
reliability (CR) was also achieved with values above the 0.7 minimum thresholds (Table 2).  
Table 2. Test for Discriminate Validity 

 
 
From the suggested modification indices, an error term was covaried (e22 to e23 which is DISR3_SM and 
DISR5_SM) resulting in a good fitting measurement model (χ²= 584.8, df=283; χ²/ df = 2.1; GFI=0.8; CFI= 
0.9; RMSEA=0.06 and PCLOSE=0.011). 
 
Common Method Bias 
Data collection for the independent and dependent variables was completed using a single survey. This 
was appropriate because all variables involved capturing individual judgment and perception (Podsakoff 
et al., 2012). A test for common method bias (CMB) was conducted to determine the extent to which bias 
impacted the measurement model (Podsakoff et al., 2003). An unmeasured common latent factor (CLF) 
was introduced to the model. A comparison of the standardized regression weights was performed with 
and without the CLF. The difference in the comparison of standardized regression weights did not reveal 
any items where the difference in coefficients was greater than 0.2, suggesting a limited threat of CMB 
(Podsakoff et al., 2003). However, because this technique may also “capture irrelevant trait variance in 
addition to systematic method variance” (Podsakoff et al., 2012, 564), a small threat of method bias 
prevailed.  
 
Structural Model 
This study sought to understand the mediating mechanisms that influence stress from the use of digital 
technology on productivity and conflict. Testing the presence of such mediators offered an opportunity to 
detect indirect effects (Mathieu & Taylor, 2006). Two separate structural models were run using AMOS 
Version 21 (Baron & Kenny, 1986; Mathieu & Taylor, 2006). The first model consisted of three 
independent variables (work interference with family, deficient self-regulation, and information 
overload,) one dependent variable (productivity), and three control variables (managerial status, 
workstation access, and tablet/smartphone). Excellent model fit was achieved for the first model (Table 
3). The mediator was added to the second model. 
Table 3. Goodness of Fit Statistics 

 

 CR AVE MSV ASV Deficient SelfReg Technology Addiction Productivity WorkIntFam InfoOvld
SelfReg 0.880 0.598 0.523 0.226 0.773
Addiction 0.919 0.617 0.523 0.210 0.723 0.786
PROD 0.960 0.856 0.394 0.149 0.628 0.473 0.925
WorkIntFam 0.865 0.616 0.143 0.054 0.204 0.378 -0.002 0.785
InfoOvld 0.798 0.667 0.095 0.041 0.023 0.308 -0.149 0.290 0.817
CR=composite reliability; AVE=average variance extracted; MSV=maximum shared variance; ASV= average shared variance

Goodness of Fit Statistic Statistic Acceptable Thresholds Acceptable?
Chi-Square 503.568 df = 100 p = .000 is significant Yes
CMIN/df 1.959 <2, OK=3-5 Yes (Tabachnick et al., 2001)
SRMR 0.088 Excellent <.05, acceptable .05-0.8 Yes (Hu & Bentler, 1998)
CFI 0.95  >.95 OK=>.90 Yes Bollen’s (1989)
GFI 0.875  >.95 OK=>.90 Yes (Hu & Bentler, 1998)
IFI 0.95 >,95 OK=>.90 Yes (Hu & Bentler, 1998)
TLI 0.941  >.95 OK=>.90 Yes (Hu & Bentler, 1998)
RMSEA 0.057 Excellent <.05, acceptable .05-0.8 Yes  (Hu & Bentler, 1998)
PClose 0.068 Not significant at >.05 Yes  (Hu & Bentler, 1998)
PCFI 0.814 Not significant at >.05 Yes  (Hu & Bentler, 1998)
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Mediation 
Mediation was tested using 2000 bias-corrected bootstrapping resamples in AMOS (with 95% bias-
corrected confidence intervals) to explore direct effects without mediation, then direct effects, and 
indirect effects with mediation.  
 
Measurement Invariance 
The measurement model fit indicated that the model was configurally invariant. Group differences were 
examined for measurement invariance prior to the development of structural equation models. A 
measurement invariance test across managerial status was performed but no significant difference 
between managers and non-managers was found (p=0.145) (Table 4). Group differences were also 
examined. 
 

Table 4. Test for Measurement Invariance 

 
 
 
Multivariate Screening 
Curve estimation regressions were produced for all direct effects in the model.  Relationships were 
sufficiently linear. Using the full model, homoscedasticity tests using scatter plots of residuals indicated 
direct effects were homoscedastic. Variable Inflation Factors (VIFs) were also less than 2.0 for all 
relationships, suggesting no multi-collinearity issues within the model indicating all exogenous variables 
were distinct. 
 
 
FINDINGS 
The final model and results are presented in Figure 3 along with the R2 values of the endogenous 
variables. The results for all hypotheses tested are presented in Tables 5 and 6. Tables 7 and 8 summarize 
findings. 
   

Chi-square df p-val Invariant?
Overall Model
Unconstrained 584.754 283
Fully constrained 613.734 305
Number of groups 2
     Difference 28.98 22 0.145 YES
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Figure 3. Final Model & Results 

 
 
 
Direct Effects 
As predicted technology had a positive effect on productivity (H1, β=-0.262**). With regards to work 
interference with family and its effect on productivity (H2) and technology addiction (H3), predictions 
were demonstrated to be correct (β=-0.141**; β=-0.158*** respectively). As predicted, self-regulation had a 
significant positive effect on productivity (H4, β=.430**) and technology addiction (H5, β=.691**). As 
predicted, information overload had a negative effect on productivity (H6, β=-0.185***) and a positive 
effect on technology addiction (H7, β=0.233***).  
 

Table 5. Results for Direct Path Models 

 
 
 

H# Hypothesized Paths ALL
H1 Technology Addiction will be positively related to Productivity .262 (.006) **
H2 Work Interference w/Family will be negatively related to Productivity -.141 (.001) **
H3 Work Interference w/Family will be positively related toTechnology Addiction .158 (***)
H4 Self-Regulation will be positively related to Productivity .430 (***)
H5 Self-Regulationwill be positively related to Technology Addiction .691 (***)
H6 Information Overload will be negatively related to Productivity -.185 (***)
H7 Information Overload will be positively related to Technology Addiction .233 (***)

Squared Multiple Correlations ALL
R2: Addiction 0.64
R2: Productivity 0.447

Control Variable Paths ALL
Managerial Status   --> Productivity .128 (0.006)**
Workstation Access  -->  Productivity .156 (0.002)**
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Mediation 
Technology addiction was demonstrated to partially mediate the effect of deficient self-regulation and 
information overload (H8b, H8c, Table 6 and Table 8). There was no mediation effect on work 
interference with family (H8a, Table 6 and Table 8).  
 

Table 6. Results for Mediated Hypotheses 

 
 

Table 7. Summary of Findings – Direct Path Test Results 

 
 
 

Table 8. Summary of Findings – Mediation Test Results 

 
 
 
DISCUSSION  
 
Implications for Research   
This study provided significant empirical evidence regarding the impact of IT stressors (related to 
managing technology, technology-use behaviors, and processing information) on productivity, mediated 
by work interference with family and technology addictions. Technology addiction and deficient self-
regulation were found to be positively correlated with productivity. Work interference with family and 
information overload were negatively correlated with productivity. Deficient self-regulation, work 
interference with family, and information overload were positively correlated with technology addiction. 
LaRose et al. (2003) similarly demonstrated the impact of deficient self-regulation on media behaviors in a 
sample of 465 college students. Deficient Self-Regulation was shown to be significantly and positively 

H# Hypothesis Direct Beta w/o Mediator Direct Beta w/ Meditator Indirect Mediation
H8a Work Interference w/Family -->  Technology Addiction  -->  Productivity -.099 (ns) -.141 (**) 0.050 (*) none
H8b Deficient Self Regulation  --> Technology Addiction  -->  Productivity .607 (***) -.430 (***) 0.206 (*) partial
H8c InfoOvrld -->  Technology Addiction  -->  Productivity -.124 (*) -.185 (**) 0.079 (*) partial

NOTE: Standardized estimates shown. *** p-value < 0.001; ** p-value < 0.01; * p-value < 0.05, ns = not significant

Hypothesis Evidence 
Hypothesis 
Supported?

H1 Technology Addiction will be positively related to Productivity .262 (.006) ** Yes
H2 Work Interference w/Family will be negatively related to Productivity -.141 (.001) ** Yes
H3 Work Interference w/Family will be positively related to Technology Addiction .158 (***) Yes
H4 Self-Regulation will be positively related to Productivity .430 (***) Yes
H5 Self-Regulation will be positively related to Technology Addiction .691 (***) Yes
H6 Information Overload will be negatively related to Productivity -.185 (***) Yes
H7 Information Overload will be positively related to Technology Addiction .233 (***) Yes

Direct Paths

Note: Standardized estimates shown; *** p<0.001; **p<0.01; *p<0.05; ns=not significant. 

Hypothesis Evidence Indirect Mediation Hypothesis 
Supported?

H8a
Technology Addiction[ADT] partially mediates the 
negative effect of Work Interference with Family on 
Productivity [PROD] 

Direct Beta w/o Med = -.099 (ns)
Direct Beta w/Med ='-.141 (**) 0.050 (*) Partial Yes

H8b
Technology Addiction[ADT] partially mediates the 
positive effect of Self Regulation on Productivity 
[PROD] 

Direct Beta w/o Med = '.607 (***)
Direct Beta w/Med =-.430 (***) 0.206 (*) Partial Yes

H8c
Technology Addiction[ADT] partially mediates the 
negative effect of Information Overload on Productivity 
[PROD] 

Direct Beta w/o Med = '-.124 (*)
Direct Beta w/Med ='-.185 (**) 0.079 (*) Partial Yes

Mediation

Note: Standardized estimates shown; *** p<0.001; **p<0.01; *p<0.05; ns=not significant. M=males; F=females.
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correlated with Internet use. The methodology used in the present study took this one step further and 
demonstrated a positive relationship between productivity and technology addiction. Respondents 
suggested that the increased use of technology improves productivity and impacts technology addictive 
behavior. 
The results suggest that the relationship between technology addiction and work-family interference is 
different than one would intuitively expect. As technology is becoming so pervasive in our work and 
home lives, it is possible that working professionals are learning to cope with the stress of this 
technology. Other explanations for these unexpected results could be respondents’ level of IT usage, 
familiarity with the technology, and consistent usage, which may have been misrepresented within the 
survey responses. It is also possible that the results may have differed if the respondents were from the 
same industry or had the same type of positions and performed the same basic duties. In the context of 
this study, respondents worked in various industries and job functions.   
These seemingly unexpected findings may also be explained through the lens of mindfulness and 
mindlessness theories. Mindfulness involves drawing novel distinctions whether important or trivial 
(Langer & Moldoveanu, 2000) and mindlessness is when “rules and routines are more likely to govern 
our behavior, irrespective of the current circumstances” (Langer & Moldoveanu, 2000, 2). Typically, 
mindfulness refers to a transcendental concept in which the individual is living in the here and now but 
in an organizational sense, mindfulness refers to an individual who is paying attention and being actively 
engaged in the tasks at hand (Pirson, 2013). Mindfulness may seem simple but it is an extremely difficult 
state to achieve in a workplace that is constantly being inundated with new stimuli. 
It is of note that, as part of this study, respondents were asked if they were a manager, if they had access 
to social media / social networking sites via their computer workstation, and if they access social media 
sites via their mobile phone or tablet during working hours. These controls served as proxies for 
circumstances that may be related to higher or lower levels of productivity and each control was 
significant. The way in which working professionals have access to social media and other digital 
technologies may play a role in being connected 24/7. 
 
Implications for Practice   
The typical workplace is replete with computer workstations, fixed-line telephones, internet connectivity, 
email, personal cell phones, work cell phones, and mobile computing devices. All of these devices, 
equipment, and technologies constantly demand attention. The result is that it has become almost 
impossible for the individual in the typical organizational setting to achieve a productive state of 
mindfulness. A state of mindfulness is one in which quality of task completion and work can be achieved. 
  
In contrast, competing technologies in the typical workplace tend to drive a mental state in which little 
attention is paid to individual tasks at all; a state of mindlessness, in which cognitive awareness of one’s 
activities and surroundings is impaired and one is said to behave in a “robot-like” way (Pirson, 2013). 
Some might argue that mindlessness might be positive for raw productivity in relation to simple, 
repetitive tasks; it allows individuals to perform redundant activities for long periods without variation.  
 
Limitations   
As with any research project, this study has several limitations. First, data was collected by a third party, 
thus we could not assess response bias. Second, although we showed statistically significant correlations 
between digital technology use and stress, many factors could explain this relationship beyond those 
selected for this model. Additionally, other equivalent models may exist. Third, generalizability is often a 
concern with studying complex phenomena. Therefore, our results may not be representative of a larger 
population. Fourth, the constructs were adapted to focus on social media digital technology, which is a 
new area of research. The scales in the study have not been used in this combination, as far as we know, 
in this context before, and there appeared to be no good tests for scale validity. Finally, while testing 
showed no common method bias, no statistical test can guarantee such bias does not exist (Podsakoff et 
al., 2003).  
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Future Research  
Future research could consider how different IT stressors, such as mobile email and texting, impact stress 
and addiction related to digital technologies There is also a need for research that examines additional 
impacts of technology addiction on outcomes such as burnout and habit. Finally, tools, strategies, and 
appropriate digital design could be developed to mitigate the impact of technology addiction. 
 
CONCLUSION 
This research provided insights into how stressors (work interference with family, self-regulation, and 
information overload) impacted productivity mediated by technology addiction. This study represents 
the first of its kind in the sense that it used new constructs along with controls for managerial status, 
workstation access, and tablet/smartphone access.    
Technology is ubiquitous within workplaces and organizations across all industries and all types of 
enterprises. As such, the observation can be made that organizations should want to promote an 
environment that supports mindfulness and even rewards employees who achieve such a state. Likewise, 
organizations should want to minimize the occurrence of mindlessness because such a state affects the 
quality and productivity of tasks, and results in these being performed at a rudimentary level or, worse, 
simply ignored.  

  
 
Dr. Montressa L. Washington (Ph.D., Case Western Reserve University) is an Assistant Professor of 
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Appendix A: Additional Details 
Table A1: Table of Constructs 

 
 

Information Overload 
2-items, 5-point 
Alpha=0. 789 
 
Alpha for this study based 
upon 2-items =0.789 

Items adapted 
from Ayyagari, R. 
(2012) 

IO1 - The amount of information available on Web 2.0/Social Media is 
overwhelming 
IO2 -  Web 2.0/Social Media create more information than I can cope 
with 
 

Deficient Self-Regulation 
7-items, 5-point 
Alpha=0.86 
 
Alpha for this study based 
upon 5-items =0..865 

Items adapted 
from LaRose, Lin 
& Eastin (2003) 

DISR 1 - I use  [Web 2.0/Social Media] so much it interferes with other 
activities  
DISR 2 - I get strong urges to be on  [Web 2.0/Social Media] 
DISR 3 - I have to keep using [Web 2.0/Social Media] more and more 
to get my thrill  
DISR 4 - I feel my  [Web 2.0/Social Media] use is out of control  
DISR 5 - I would miss  [Web 2.0/Social Media] if I could no longer go 
online  
DISR 6 - I often spend longer on  [Web 2.0/Social Media] than I intend 
to when I start  
DISR 7 - I would go out of my way to satisfy my [Web 2.0/Social 
Media] urges 

Work Interference with 
Family 
4-items, 5-point 
Alpha=0. 81 
 
Alpha for this study based 
upon 4-items =0.862 

Items adapted 
from Gutek et al. 
(1991) 

WIF1 - After work, I come home too tired to do some of the things I'd 
like to do (1) 
WIF2 - On the job I have so much work to do that it takes away from 
my personal interests (2) 
WIF3 - My family / friends dislike how often I am preoccupied with my 
work while I am at home (3) 
WIF4 - My work takes up time that I'd like to spend with family / friends 
(4) 

Technology Addiction 
8-items, 5-point 
Alpha=0. 80 
 
Alpha for this study based 
upon 7-items =0.884 

Items adapted 
from Turel, 
Serenko & Bontis 
(2011a) 

ADT1 - I sometimes neglect important things because of my interest in 
my use of  [Web 2.0/Social Media] 
ADT2 - My social life has sometimes suffered because of me 
interacting with my  [Web 2.0/Social Media] 
ADT3 - Using  [Web 2.0/Social Media] sometimes interferes with other 
activities 
ADT4  - When I am not checking  [Web 2.0/Social Media] I often feel 
agitated 
ADT5 - (R) I have made successful attempts to reduce the time I 
interact with  [Web 2.0/Social Media] 
ADT6 - I am sometimes late for engagements because I interact [Web 
2.0/Social Media] 
ADT7 - Arguments have sometimes arisen because of the time I 
spend [Web 2.0/Social Media] 
ADT8 - I think that I am addicted to  [Web 2.0/Social Media] as I often 
fail to get enough rest because I interact with [Web 2.0/Social Media] 

Productivity 
4-items, 5-point 
Alpha=0. 92 
 
Alpha for this study based 
upon 4-items =0.952 

Items adapted 
from Tarafdar, et 
al. (2007) 

P1 - Web 2.0/Social Media helps me improve the quality of my work. 
P2 - Web 2.0/Social Media helps to improve my productivity. 
P3- Web 2.0/Social Media helps me to accomplish more work than 
would otherwise be possible. 
P4 - Web 2.0/Social Media helps me to perform my job better. 

D=deleted item, R=reverse code 
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